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Abstract: To improve the accuracy of sand-dust storm forecasting, an RBF-SVM method with automatic parameter
selection was presented in this paper.The proposed method used the simple particle swarm optimization ( SPSO )
algorithm to get the optimal parameter, in which the velocity and position of each particle correspond a group of RBF-
SVM parameters.However, since the PSO tends to get into local optimal solutions, a weight particle swarm optimiza-
tion ( WPSO ) algorithm was proposed, in which the weights changed dynamically with a liner rule, to optimize the
parameters of RBF-SVM.The simulation results show that both PSO-RBF-SVM and WPSO-RBF-SVM can get high
recognition accuracy and efficiency.And the accuracy ratios of two kinds of sand-dust storm forecasting are improved
by 22.3% and 45.3% compared with the previous SVM, respectively.
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