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Content—Based Classification on Beijing Opera
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Abstract: Among all kinds of music styles,Beijing opera is very familiar in China.In this paper,we present a study on
content-based classification among five kinds of typical aria and accompaniment of Beijing opera(including Sheng,Dan,
Jing,Wenchang,and Wuchang) ,using audio analysis techniques together with patiern recognition techniques.A compara-
tive evaluation between seven different classifiers is carried out on a testing database of 266 segments,and the results
show that the BP neural network classifier(BPNNC) works best,and its average classification accuracy can achieve 88.7%

in the five—class classification problem.
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