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Abstract: The original structure of the network and the leamning algorithm may lead to significant impact in the
training duration and veracity of the forecasting result.To improve it,a novel design of artificial neural network based on

genetic algorithm for sand-dust storm forecasting is proposed in this paper.Some practices proves that this medel can

perform better than the traditional neural network.
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Procedure GA-ANN
Begin
Initialize P(0);
!=0;
N=50; i AR
Use the train method to train P(i};
Begin
while(t<N) do
for i=1 to M do # FMEEK/A;
) Evaluate fitness of P(t);
End for
for i=1 to M do
Select operation to P(t);
Erd for
for i=1 to M/2 do
Crossover operation to P{2);
End for
for i=1 10 M do
Mutation operation to P(i):
End for
Use the train method to train P(i);
for i=1 to M do
PO+1)=P(t);
Fnd for
for i=1 to M do
Evaluate fitness of P(¢);
End for
=t+1;
End while
Choose three best P(i);
Change the parameter of the leamning algorithm and train
the ANN
Choose the best structure
End
End
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